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Abstract

Intraday trading—buying and selling the same equities within a single trading 
day—is still absent in Nepal. This study investigates investors’ willingness to 
engage in intraday trading and pinpoints the behavioural factors that shape their 
stock-trading decisions. Guided by behavioural finance, an exploratory design 
was applied. Using non-probability sampling, 226 investors in Kathmandu Valley 
completed structured questionnaires via KOBO Toolbox. Using SPSS–AMOS 
software, descriptive statistics and structural equation modeling tested the 
proposed relationships. Herding behaviour emerged as the dominant driver of 
trading decisions, amplified by information from informal channels such as social 
media. Traditional heuristics, prospect biases and general market conditions 
showed little influence on the intention to trade intraday. Regulators and market 
operators should prioritise trading literacy initiatives and reduce information 
asymmetry to foster a viable intraday market. Future studies should extend the 
sample beyond Kathmandu Valley to validate and refine these insights. This study 
sheds light on the underexplored domain of intraday trading in Nepal and offers 
unique insights into the behavioural aspects driving traders’ decisions, contribut-
ing to the literature on stock market dynamics in emerging economies.
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Introduction

Intraday trading is a type of economic activity in which traders purchase and sell the 
same stocks on the same trading day, and it is also known as a trading method for 
relatively short-term profit (Baralis et al., 2017; Ryu, 2012). Since 1867, when the 
first ticker tape was invented, stock trading has been formally started in the USA. 
However, there were considerable barriers to entry as it was not popular among the 
population. Similarly, intraday trading became famous with the introduction of elec-
tronic communications networks in 1969 (Tulchinsky, 2020). Likewise, in the late 
1990s, the development of the Internet generated worldwide growth in online trad-
ing, allowing many ordinary individuals to take part in day trading methods that 
only professional traders had previously been available (Chung et al., 2009).

Before the Internet, there was no such thing as day trading when it came to 
stocks in Japan, and there were fewer traders. Since the Internet’s introduction in 
1999, the number of intraday traders has risen. After the USA, the market has 
grown to become the second largest in the world (Fackler, 2006). Moreover, in 
China, there is no rule for intraday trading. The trader cannot buy and sell the 
stock in a day. Previously, there was a rule of day trading, but after the China 
Securities Regulatory Commission (CSRC) changed the rule to T + 1, which 
means the settlement period is trading day plus 1 day (Guo et al., 2012). Moreover, 
the intraday price reversal has been seen in the Taiwan stock market. There is a 
sharp increase in price for 15 min, and it starts to reverse for roughly 30 min. The 
trader highly reacted in price reversal (Chen & Liao, 2018).

The Nepal Stock Exchange (NEPSE) began operating the Nepalese stock mar-
ket and legalised stock trading under the Securities Act of 2006. Intraday trading 
is becoming more popular among traders, and traders are flocking to the Nepalese 
stock market since an Internet trading system known as the trading management 
system (TMS) was introduced. Intraday trading is not practised, although Internet 
trading systems are widely used. Nevertheless, the Securities Board of Nepal 
(SEBON) and NEPSE have already launched research, but the results have not 
been drawn yet. Ryu (2012) discussed the prospect of intraday trading, where 
individual day traders are more likely to experience significant losses regularly 
and heavily. Excessive intraday trading on the stock market only benefits the mar-
ket practitioners, who greatly earn from the charges of transactions to individual 
day traders. Moreover, governments should foresee increasing market liquidity to 
make it more open and lessen the information asymmetry to attract greater trad-
ers. Research may consider strategic order trading by various kinds of traders 
following day trading, providing a more detailed understanding of this relevant 
problem (Hsieh et al., 2020; Karki & Khadka, 2024). Some occurrences in one 
market have a greater impact on a second market than others. Focus on the fixed 
price determination mechanism for future research during the trading day.

Nepal is a developing country with a small economy, where the stock market 
is also small compared to other developing countries. Nonetheless, the stock mar-
ket has had a significant long-term impact on the Nepalese economy (Karki, 
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2012). Recent empirical studies have emerged following the introduction of intra-
day trading, focusing primarily on patterns of price, volume and volatility within 
daily trades. As intraday trading has not been introduced in Nepal, several ques-
tions need to be addressed. They are: What are the Prospects of Intraday trading 
in the Nepalese equity market? What influences the trading decision in Nepalese 
traders? What are the challenges of the Intraday trading market in Nepal? What 
are the managerial solutions? This study intends to understand the prospect of 
intraday trading in the Nepalese stock market and whether they are willing to 
participate in intraday trading, addressing factors that influence their decision to 
choose a stock for trading, highlighting the opportunities and challenges that can 
be faced while trading.

The remainder of this study is organised as follows: The ‘ Literature Review’ 
section introduces relevant earlier theories and empirical research, providing con-
text for the investigation, while the ‘Materials and Methods’ section explains and 
explaining the research methodology, including the empirical technique. The 
‘Results and Analysis’ section presents the study’s findings and examines their 
consequences. The ‘Discussion’ section discusses these findings, and the 
‘Conclusion and Recommendation’ concludes the study.

Literature Review

Intraday trading has progressed considerably worldwide due to advances in tech-
nology and changes in regulations. In the USA, although intraday trading existed 
informally since the invention of the ticker tape in 1867, it became widely popular 
only after electronic communication networks like Instinet (1969) and NASDAQ 
(1971) were introduced, alongside the elimination of fixed commissions in 1975 
(Tulchinsky, 2020). The rise of Internet accessibility in the late 1990s further 
opened day trading to ordinary investors (Chung et al., 2009).

In Asia and Europe, the adoption of intraday trading varies by country. After 
1999, Japan saw rapid growth in online trading and is now the second-largest 
financial market in the world, following the USA (Fackler, 2006). China initially 
allowed same-day trading (T + 0) for both A- and B-shares starting in 1990 but 
switched to T + 1 for A-shares in 1995 and later extended that to B-shares in 2000 
(Guo et al., 2012). Taiwan’s market experienced notable intraday price reversals 
and overreactions shortly after market opened (Chen & Liao, 2018). Poland’s 
Warsaw Stock Exchange experienced a boost in algorithmic intraday trading and 
lower transaction costs following the launch of the Universal Trading Platform in 
2013 (Miłobędzki & Nowak, 2018). In Australia, the ASX allows short selling on 
certain stocks with strict disclosure requirements, showing characteristic patterns 
in order depth across trading sessions (Helmes et al., 2012).

South Asia presents a different scenario. India’s electronic National Stock 
Exchange operates continuously without market makers, with low transaction 
costs and rolling settlements that favour intraday trading (Sampath & 
Gopalaswamy, 2020). Recent reforms, such as share dematerialization and 
improved transparency, have increased intraday trading opportunities and attracted 
wider participation (Pati & Rajib, 2010).
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Conversely, Nepal’s stock market remains in an earlier stage of development. 
Established in 1993 with trading commencing in 1994 (Shrestha & Subedi, 2014), 
Nepal still operates with a T + 3 settlement cycle, limiting real-time trading poten-
tial. Despite the adoption of electronic systems like Central Depository System 
(CDS) and TMS, intraday trading is not yet allowed under current regulations 
(Dhakal, 2014). Though there has been significant growth in traders and improve-
ments in information technology, the NEPSE has only recently begun to investi-
gate the introduction of intraday trading (Chalise, 2020). Compared to its regional 
neighbours, Nepal lacks the necessary legal and operational framework for intra-
day trading, making this study important in addressing the readiness and regula-
tory needs of Nepal’s emerging market.

Theories on Intraday Trading

The researcher employed five theories to acquire a better knowledge of investing 
in stocks and to assess the trader’s decision in intraday stock trading in Nepal. 
They are: rational expectation theory (Sargent, 1961), greater fool theory (Bogan, 
2016; Liu et al., 2017), behavioural finance theory (Hammond, 2015), efficient 
market hypothesis (Fama, 1970; Mathur, 2020) and modern portfolio theory 
(Markowitz, 1952). Rational expectation theory gives the trader useful informa-
tion for purchasing and selling stocks, where the traders buy stocks with the 
expectation that the price will grow in the future and sell stocks with the expecta-
tion that the price will decrease in the future (Karki et al., 2024; Muth, 1961; 
Sargent, 1961). Likewise, the greater fool theory explains that the essence of a 
trader (a greater fool) is always willing to pay a higher price for an already exces-
sively expensive asset (Roberts & Beckman, 1973). Similarly, Hammond (2015) 
revealed that behavioural finance theory counters the efficient market hypothesis 
with research based on market participants’ judgment and decision-making pro-
cesses. Moreover, the theory of an efficient market hypothesis shows that the 
market always works efficiently and always trades at fair value, which makes it 
essentially impossible for the trader to buy stocks with an overvalued or an over-
valued rate (Mathur, 2020). Likewise, modern portfolio theory is a risk-averse 
trader’s technique for constructing diversified portfolios that optimise returns 
while avoiding unacceptable levels of risk (Markowitz, 1952).

After reviewing the numerous theories, the behavioural finance theory appears 
to be the greatest fit for study as it assists with reasonable defects and provides a 
plethora of lucrative opportunities for knowledgeable traders who use behavioural 
concepts to determine which low-cost equities frequently beat the market. Atif 
Sattar et al. (2020) show that the key contribution of the research was to look at 
how behavioural factors influence trading decision-making in uncertain settings. 
Likewise, Cao et al. (2021) in their study try to figure out how behavioural aspects 
affect individual traders’ trading decisions and outcomes. Moreover, Lai’s (2019) 
study reveals that behavioural finance has been used extensively in the financial 
industry from psychological perspectives, focusing on herding and disposition 
effects. Likewise, the study of Asad et al. (2018) shows learning more about the 
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psychological factors that impact individual traders’ trading decisions in a devel-
oping country. According to Kengatharan and Kengatharan (2014) in their study 
gives four behavioural aspects that impact individual traders’ trading decisions: 
herding, heuristics, prospect and market.

Figure 1 illustrates the study framework opted by the authors, which was 
adopted and modified by Kengatharan and Kengatharan (2014). Prospects, 
Heuristics, Herding and Markets are the four exogenous factors listed, whereas 
the trading decision is the dependent variable.

Hypotheses Formulation

Heuristic Variables and Trading Decisions of Individual Traders

Heuristics, which are fundamental components of decision-making relying on 
norms of thumb (Cheng et al., 2016), enable humans to reach conclusions more 
rapidly than if they were to logically evaluate the information at hand. 
Furthermore, to reduce mental effort and mitigate the risk of loss in uncertain 
circumstances, traders utilise heuristic biases, including adjustment, overconfi-
dence, availability and anchoring. However, this approach occasionally results 
in erroneous judgments, which may contribute to market inefficiency 
(Abarbanell & Bernard, 2015).

Figure 1. Conceptual Framework.

Source: Adopted and modified from Kengatharan and Kengatharan (2014).
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H1: �The heuristic variable significantly influences the trading decisions of indi-
vidual traders.

Prospect Variables and Trading Decisions of Individual Traders

Escalation circumstances feature some of the most critical and challenging deci-
sions made in trading. In many circumstances, the difficulty in selecting whether or 
not to spend further resources on a lost strategy leads to a rising commitment pro-
cess (Whyte, 1993). Prospect theory is a method of analysing unpredictable out-
comes and risks that can be employed in different disciplines of economics, such as 
insurance, finance, the capital market and industry. Each sector has its own set of 
risks and adjustments. One of the key factors influencing individual decisions is 
prospect theory (Benartzi & Thaler, 2007). Regret aversion, loss aversion and men-
tal accounting are the prospect variables that affect trading decisions.

H2: �Prospect variable significantly impacts the trading decisions of individual 
traders.

Market Variables and Trading Decision of an Individual Trader

Trading behaviour is influenced by a variety of market variables, including price 
fluctuations, political and social news, trend forecasts, information from others, and 
the significance of individual equities (Waweru, 2008). Traders should pay special 
attention to stock information and be reminded that, to make reasonable judgments, 
they must examine market information (Epstein & Freedman, 1994; Ghimire & 
Karki, 2022). Customer preference, market information, price fluctuations, histori-
cal stock trends, underlying stock fundamentals, overreaction to price fluctuations 
and customer preference are all market variables that impact trading decisions 
(Nagy & Obenberger, 1994).

H3: �Market variables significantly influence on trading decisions of individual 
traders.

Herding Variable and Trading Decision of Individual Traders

Herding is characterised by individuals imitating the actions of others, despite 
possessing private information that would indicate an alternative course of action 
(Banerjee, 1992). Herding is like repeating previous actions, whether sensible or 
illogical. The study of Fernández et al. (2011) reveals that traders rely on incorrect 
information because they are more likely to accept the ideas and decisions of oth-
ers. When it comes to gathering information and assessing financial concerns, 
herding mainly impacts individual traders, and thus the herding behaviour may be 
based on the trading decisions of other traders. Likewise, traders’ sentiments 
towards different publicly traded corporations are influenced by the information 
available to them (Khelda, 2011; De Bondt & Thaler, 1985).

H4: �Herding variable significantly influences on trading decisions of individual 
traders.
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Trading Decision of an Individual Trader

Trading decisions are impacted by different factors like heuristics, herding, the 
market and prospect factors, where the individual traders evaluate the rewards of 
spending in the present scenario against the benefits of investing unused funds to 
experience faster growth in the future. If the individual decides to postpone trad-
ing, the trader will choose a portfolio that maximises long-term benefits  
(Lin, 2015).

Empirical Framework

Structural equation modelling (SEM) is a powerful statistical tool for predicting 
relationships between various types of variables, including both observed and 
latent constructs (Tarka, 2018). Although SEM modelling has been used exten-
sively in multiple sectors of study, there is very little research in the scholarly lit-
erature that has been done on the prospects of intraday trading in the Nepalese 
stock market. Thus, this study uses SEM to try to close the gap in the literature. 
The conceptual framework and model specification draw on the dimensional 
approach and SEM (Donaldson, 1999). Generally, the measurement model dis-
cussed by Donaldson (1999) is specified as:

	 H � � � �� �� � �� � (1) 
The endogenous and exogenous variables’ latent constructs are linked to observ-
able variables via measurement equations. These equations are described as 
below:

	 x x� �� � � � (2) 

	 y y� �� � � � (3) 
where, x = input variables; y = outcome variables; Λy = Observed outcome vari-
ables; Λx = observed input variables; η = latent endogenous variables; ξ = latent 
exogenous variables; δ and ε = measurement errors for x and y, respectively.

In this model, the vector y comprises the observed response variables, while x 
includes the observed input variables. The vectors δ and ε capture measurement 
errors associated with x and y. The observed variables x and y are used to compute 
the factor loadings (Λx and Λy) on the corresponding latent variables (ξ and η), 
which are unobserved constructs.

The structural model includes:

α: a vector of intercepts,
β: �a matrix representing the relationships among endogenous latent variables 

(η), with zeros on the diagonal and a non-singular matrix (I – β),
γ: �a matrix of coefficients linking exogenous latent variables (ξ) to endogenous 

latent variables (η),
ζ: a vector of structural disturbances or residuals.

Nevertheless, in the case where errors solely affect the y-variables, the reduced 
form of the structural model can be represented by Equations (1) through (3) as 
follows:
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	 y y I T� � � � �� ( ) ( )� � � �1 � (4) 

Variable and Its Definition

The key variables for this study have been carefully identified in alignment with 
the research objectives. While the primary variables are identified, additional 
variables have also been incorporated to support the study’s analytical goals. 
Table 1 provides a comprehensive summary of the observed factors that SEM has 
confirmed.

Materials and Methods

This study investigates investors’ attitudes and factors influencing their willing-
ness to participate in intraday trading activity. An in-depth analysis of existing 
theories and literature has been performed to create a sound foundation for this 
study, which covers numerous aspects of intraday trading, investor behaviour, 
market dynamics and related variables.

Study Area and Population

This study is conducted in the Kathmandu Valley, which comprises three districts: 
Kathmandu, Bhaktapur and Lalitpur, spanning a total area of approximately 570 
km2 (220 miles2). Situated in Province 3 of Nepal, the valley lies between lati-
tudes 27°32′13″–27°49′10″N and longitudes 85°11′31″–85°31′38″E. Kathmandu 
has a total population of 2,517,023, making it the most populous district in Nepal.

The Kathmandu Valley was selected as the research location (see Figure 2) to 
learn more about how stock traders participate in stock trading and their intraday 
trading. The presence of multiple broker offices and a significant number of 
knowledgeable investors makes it an ideal location for our study. According to 
CDS and clearing house, the total number of DEMAT accounts till December 
2021 is 4,686,672 in Nepal. According to stock brokers of December 2021 total 
active traders and traders is 925,670 all over Nepal.

Sampling Method, Sample Size, Data Collection and Analysis

This study adopted a non-probability convenience sampling method due to the lack 
of a reliable and accessible database of active stock traders in the Kathmandu 
Valley. Without a clearly defined sampling frame, probabilistic techniques such as 
random sampling were not feasible. Convenience sampling allowed the researcher 
to target participants who were actively involved in stock trading and accessible 
within a limited timeframe and resource scope. The sample size for the study was 
(266.78 + 13.34) = 280.12 (≈280). However, due to a higher non-response rate, 
only 226 usable data were collected. While this method enabled practical data col-
lection, it inherently limits the generalisability of the findings, because the sample 
might not accurately reflect Nepal’s broader investor population.
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Data were collected using a structured questionnaire administered through the 
Kobo Toolbox platform. The analysis involved both descriptive and inferential 
approaches. Descriptive statistics were presented using tables, charts and figures, 
while inferential analysis was conducted through SEM to analyse relationships 
among latent variables. The tools employed for analysis included Microsoft 
Excel, Kobo Toolbox, SPSS and AMOS.

Table 1. Constructs and Observed Variables.

Constructs Observed Variables Code Description

Heuristic Skill and knowledge HTD1 Possessing knowledge and skills of the 
stock market helps in outperforming it

Experience HTD2 Previous experiences are used to select 
the next stock for trading

Overconfidence HTD4 Feel confident in evaluating current 
securities prices

Prospect Risk aversion PTD2 Increased risk aversion following a 
previous loss

Regret aversion PTD3 Avoid selling during falling prices and 
readily sell shares at a high price

Framing PTD5 Prefer investing in stocks over keeping 
money in a savings account

Herding Other traders’ 
choice

HTTD1 The stock type is chosen by other 
traders

Other traders 
buying and selling 
stock

HTTD3 The stock purchases and sales of other 
traders

Information 
from friends and 
colleagues

HTTD5 Information from friends and colleagues 
is highly reliable

Market Price changes MTD1 Tendency to overreact to changes in 
stock prices

Customer 
preference

MTD2 Analyse firms based on customer trends 
and preferences

Fundamentals 
ofunderlying stock

MTD4 Evaluate the underlying fundamentals of 
listed companies

Trading 
decision

Negative influence TDI4 Immediate association of ‘stocks’ with 
‘possible loss’

Price history TDI5 Frequency of stock price change

company 
performance

TDI6 Report on profit and performance of 
listed companies

Note: HTD3, HTD5, PTD1, PTD4, HTTD2, HTTD4, MTD3, MTD5, TDI1, TDI2 and TDI3 were 
excluded after exploratory factor analysis (EFA) due to factor loadings below 0.5.
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Results and Analysis

This study analysed data collected through a structured questionnaire, capturing 
insights from the investors’ perspective. A wide range of analytical tools was 
employed to perform a thorough examination of the data. These tools comprised 
descriptive and inferential statistics, tabular and graphical representations, includ-
ing exploratory factor analysis (EFA) and confirmatory factor analysis (CFA) 
conducted through SEM using SPSS–AMOS.

Descriptive Analysis

Socio-demographic Characteristics

The study reveals that the majority are male, are mostly unmarried, and have not 
taken any kind of training related to the stock market. The results of this research 
corroborate the notion that males are more inclined than females to engage in 
stock market trading, particularly in stock handling, which necessitates better 
skills, where the inexperienced and unskilled traders are trading on the NEPSE 
and are losing money because they have not participated in any kind of stock 
market training. Additionally, the findings reveal that a majority of Nepalese 
youth are interested in stock trading, with those with bachelor’s degrees being 
more active in the Nepalese stock market. Aside from stock market participation 
decisions, education is viewed as a crucial factor in determining risk-taking 
behaviour among traders. In addition, people participating in stock trading in the 

Figure 2. Study Area.

Source: GIS ArcMap 10.2.
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Kathmandu Valley are not only involved in their trade, but they are also involved 
in their jobs, which also indicates that the stock trading sector is fraught with risk. 
Lastly, this study also concludes that traders in the Kathmandu Valley utilise their 
savings to invest in stocks and earn between 30,000 and 50,000 and indicates that 
average-earning residents in the Kathmandu Valley are highly involved in the 
stock market (see Table 2).

Traders Profile Overview

This section explores the overall knowledge and expertise of traders through a 
structured questionnaire, providing insights into the current status and behaviour 
of participants in the stock market. The findings show that 65.62% have been 

(Table 2 continued)

Table 2. Socio-demographic Characteristics.

Variable In Number In Percentage

Sex

Male 148 65.49

Female 78 34.51

Age

Below 20 6 2.65

20–28 84 37.17

28–36 109 48.23

36–44 17 7.5

44–52 5 2.21

52–60 4 1.77

Above 60 1 0.44

Education level

Secondary 3 1.32

Higher secondary 19 8.41

Bachelor’s level 117 51.77

Master’s and above’ 4 1.77

Profession

Private service 73 32.3

Student 60 26.55

Government employee 30 13.27

Business 20 8.85

Housewife 18 7.96

investor 12 5.31

Other 9 3.98
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trading for 2–5 years and just 0.88% have been trading for 15 years and have 
already traded their stock 51–100 times which covers 44.25% of traders in the 
Nepalese stock market whereas only 1.33% of respondents have traded more than 
1,000 times in their life which demonstrates the presence fresh traders in 
Kathmandu’s Nepalese market. Likewise, the majority (101) of respondents have 
traded only 5–10 times during a year and only eight respondents traded above 100 
times in the last years; and they contribute only 1–2 h per day (47.35%) to surf in 
stock market whereas only 7 out of 226 respondents participate full-time in the 
stock market, with the highest time contribution of 4 h. The Nepalese stock mar-
ket is open from 11 am to 3 pm. for only 4 h. It demonstrates that traders place a 
lower focus on the stock market and usually trade less since they are not solely 
concerned with trading.

Likewise, the result also revealed that 94 of the 226 respondents use 1–5 lakhs 
of their money for trading, while the minimal respondents (7) use more than 
10 lakhs to trade stocks. It demonstrates that the Nepalese stock market has a large 
number of minor players. Similarly, 92.04% of respondents want to sell when 

Variable In Number In Percentage

Marital status

Married 107 47.35

Unmarried 119 52.65

Nature of employment

Full time 155 68.58

Part-time 17 7.52

Unemployed 52 23.01

Retired 2 0.88

Manage to support trading

Saving 162 71.68

Family income 58 25.66

Loan from bank 6 2.65

Income per month

30,000–50,000 89 39.38

10,000–20,000 56 24.78

20,000–30,000 43 19.03

50,000–70,000 18 7.96

50,000–70,000 7 3.1

Above 1 lakh’ 13 5.75

Taken training for trading

Yes 146 64.6

No 80 35.4

(Table 2 continued)
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profit is high, and only 1.77% want to sell under other circumstances and agree on 
the fact that they buy stock when the price is falling (86.73%). This indicates the 
fact that people wish to sell shares based on the current scenario when the price 
begins to increase in the average position. Respondents were also asked whether 
they needed preparation before starting trading. It was revealed that 88.94% of 
respondents accept the lots of preparation needed before starting stock trading, 
and only 11.06% of respondents oppose this fact, which indicates that they are 
well prepared for stock trading in the context of the Nepalese stock market. 
Similarly, traders were asked to analyse the status of the stock market and design 
a strategy to cope with it through a questionnaire. The majority of 226 respon-
dents (216) agree that studying the stock market and developing a plan to cope 
with it is vital.

Trading Prospect in the Stock Market

This section describes the general trading system used in intraday trading. The 
result indicates that 209 respondents are aware of the current trading system, 130 
are aware of the share delivery date, 155 are aware of the payment date, 183 are 
aware of the purchase order and 166 are aware of the sale order, where the respon-
dents are asked to choose more than one option. Thus, it shows that all respon-
dents are aware of the current Nepalese stock trading system and understand the 
trading mechanism. Likewise, 100 respondents out of 226 want to retain stock for 
immediate sale, 68 want a short period, and 58 want to hold stock for a long 
period. This indicates that the majority of traders want their stock to be available 
for buy and sale immediately, while only a few prefer to hold for a long period. 
The traders who live in the Kathmandu Valley desire to do their trade as quickly 
as possible. Moreover, the researcher attempted to ask traders if they wish to 
profit from such fluctuations and the results indicated that 91.59% of respondents 
desire to earn a profit, while 8.41% are uninterested in making such a profit and 
want to trade their stock without owning the stock ownership (75.22% of respon-
dents) preferring the immediate transactions of their stock. It shows that traders 
residing in Kathmandu Valley want to trade without transferring stock in the 
DEMAT account and want an immediate transaction system in the stock market.

Moreover, the researchers also aim to discover traders who are prepared to 
purchase and sell shares on the same day. The study revealed that 80.09% of 
respondents prefer same-day transactions, while 19.91% do not. Likewise, 
75.22% of respondents want to create a second account, while the remaining 
24.78% do not want to create a separate account. It concludes that traders in the 
Kathmandu Valley require a separate account. The researchers also attempt to 
assess traders’ willingness to square off and find that 58.85% of respondents want 
to square off the stock, and others oppose this fact. Likewise, 61.06% of respon-
dents are willing to take broker-provided facilities, whereas 38.94% are unwilling 
to accept broker-provided facilities. This indicates that brokers are providing 
somewhat satisfactory facilities to the traders, including a margin loan facility 
with a variable interest rate (Bhandari et al., 2021). Leverage is effectively a loan 
issued by the broker to a trader, where some brokers may restrict the amount of 
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leverage utilised by rookie traders at first (Heimer & Simsek, 2019). The result 
indicates that 226 respondents, 204 and 196 respondents are willing to accept the 
facilities of leverage and loan, respectively, provided by the broker.

Impact of Behavioural Factors on Trading Decision

The traders’ behaviour factors must be studied in this part since the research is 
centred on determining the aspects that influence traders’ trading decisions. Five 
variables assess the significant aspects of stock trading, namely Heuristic behav-
iour, prospect factors, herding behaviour, market factors and trading decisions. A 
five-point rating system is used to evaluate these factors: strongly disagree (1), 
disagree (2), agree (4), neutral (3) and highly agree (5).

Heuristics include explanatory variables such as skill and knowledge, experi-
ence and overconfidence. According to the results, the majority of people think 
that their abilities and stock market expertise will enable them to perform better in 
the stock market, where their previous experience helps to select the next stock, 
and agree on the fact that they feel overconfident in the stock price in the future. 
The average of the Likert Scale is above 4.01 for skill and knowledge, experience 
and overconfidence, which reflects that there is a response of agreement from 
traders regarding heuristic factors in trading decisions. A similar research con-
ducted by Shah et al. (2018) explores the association between heuristic biases in 
trading decisions and perceived market efficiency and found that biases have a 
significantly unfavourable influence on trading choices made by individual trad-
ers actively trading on the Pakistan stock market.

Risk aversion, regret aversion and narrow framing are the explanatory vari-
ables under the construct prospect in the research on intraday trading in Nepal’s 
stock market. The result indicates that most people agree that after a prior loss, 
there is more risk in averseness, although traders analyse the connection between 
the stocks; thus, the majority of traders agree that they invest their money in the 
stock market rather than keeping it in a bank. The average of the Likert Scale is 
above 4.05 for risk aversion, regret aversion and framing, which reflects that there 
is a response of agree from traders regarding the prospect variable in trading deci-
sions. The similar research conducted by Ding et al. (2004) shows that traders 
who are confident in the price change seek greater risk. When the information is 
from the inside of an organisation, the trader feels confident and seeks high risk.

Likewise, herding includes the explanatory variables such as other investors’ 
choice, other investors’ buying and selling stock, and information from friends 
and colleagues. According to the survey, traders concur that they choose their 
stocks based on what others choose, what traders often trade and that they rely on 
information about stocks offered by their friends and coworkers. The average of 
the Likert Scale is above 3.6, which reflects that there is a moderate level of 
response from traders regarding the Herding variable in trading decisions. As per 
Dutta et al. (2020), revealed that herding and panic are really the outcome of a 
profound guilt on the part of the trader, which causes them to panic and herd. 
Despite this, traders make trading choices using heuristics.
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The market contains the explanatory variables such as the fundamentals of the 
underlying stock, price changes and customer preference (Maharjan et al., 2022). 
The outcome suggests that traders agree on evaluating customer preference before 
trading stocks and that they consider a company’s fundamentals before trading, 
but that they overreact when prices fluctuate. The average of the Likert Scale is 
above 3.6, which reflects that there is a moderate level of response from traders 
regarding the market variable in trading decisions. A similar study done by 
Kengatharan and Kengatharan (2014) reveals that the market variable shows a 
moderate response on individual traders' decision-making.

Similarly, trading decisions contain explanatory variables such as negative 
influence, price history and company performance. The study’s findings show 
that traders typically keep an eye on stock prices as they fluctuate frequently, 
evaluate the performance and profitability of listed companies, and then make 
trading decisions. However, they also acknowledge that poor trading decisions 
result in constant losses for traders in the stock market. The average of the Likert 
Scale is above 3.93 for negative influence, price history and company perfor-
mance, which reflects that there is a moderate level of response from traders.

Challenged in Stock Trading

Respondents are asked whether the traders face challenges during stock trading. 
The result indicates that 76.55% face the challenge in the Nepalese stock market, 
whereas only 23.45% said they have not faced any difficulties during stock trad-
ing. The major challenges faced by the stock traders in the Nepalese stock market 
are a lack of brokers’ support (67.7%) and TMS crash during trading (61.5%). 
Other sub challenges are a lack of stock trading awareness (43.81%), Internet con-
nection (43.36%), lack of a good online trading system (36.73%), and lack of 
financial institution (FI) support (22.57%) (see Table 3). According to the study 
(Karki et al., 2023; Koirala & Bajracharya, 2002), the challenges that arise in the 
stock market are the political-economic context, legislative provisions and the 
dominance of FI.

Table 3. Major Challenges Faced by Stock Traders.

Factors No. of Respondents Percentage (%)

Lack of broker support 153 67.7

TMS crash 139 61.5

Lack of stock trading awareness 99 43.81

Internet connection 98 43.36

Inadequate online trading platform 83 36.73

Lack of financial institution support 51 22.57

Source: Survey.

Note: TMS: Trading management system.
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Moreover, respondents were asked questions such as where these challenges 
arise, and the result indicates that they came from technical factors (116) and 
political factors (131). Likewise, 103 respondents think that challenges are rising 
from economic factors, and 60 respondents out of 226 confirm that the challenges 
have arisen from social aspects. Moreover, 157 respondents chose that broker, 118 
say NEPSE, 105 respondents say the trader themselves, 83 respondents agree 
with FIs, whereas only eight respondents say that others, like politics and the 
finance minister, are responsible for the cause of the problems.

Managerial Solution

This section discusses the managerial approach and input from respondents in 
order to solve the challenges and obstacles that stock market traders face. 
Respondents were asked whether managing challenges helps to run the share mar-
ket smoothly. The result revealed that 164 respondents agree that the challenges 
and barriers of the stock market are manageable, whereas only 9 respondents do 
not agree with this fact. Likewise, this study also proposes how the market would 
work smoothly and revealed that majority (30) of respondents suggest motivating 
traders, growth of capital market (30), smooth operation of stock market (25), 
reliable and transparent system (20), efficiency in stock and predictability increase 
(15), attract people in stock market (15), easy trading system (15) and fair rule and 
regulation (14) are main aspects that need to be considered for smooth market 
operation in stock market.

Likewise, the finding documented that large percentage of respondents (95%) 
suggested to increase the speed of broker, good full support from brokers, FI and 
capital (50%), making good policies (40%), technology advancement (40%), 
introducing new trading system like intraday trading, delivery market and so on 
(30%), increasing the trading days and hours (20%), provide training and aware-
ness program to new traders (15%), and need of one and simple application (50%) 
(see Figure 3).

Thus, NEPSE and SEBON should work together to enact strict regulations that 
curb market insider trading. SEBON must enhance its oversight of brokerage firms, 
as delays and inefficiencies in their services have become a major source of frustra-
tion for investors. Traders often face demotivation due to brokers holding shares and 
funds for extended periods. To address these concerns, SEBON should consider 
issuing brokerage licenses to qualified FIs, thereby promoting competition and 
improving overall service quality in the securities market. A similar study conducted 
by Koirala and Bajracharya (2002) found that the solution for challenges is good 
corporate governance, transparency and disclosure of information.

Inferential Analysis

This section encompasses various statistical techniques used to analyse the data, 
including descriptive statistics, EFA, CFA, path analysis, mediation analysis, esti-
mation model and hypothesis testing.
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Descriptive Summary Statistics

The study used the standard deviation, skewness, kurtosis and the mean to sum-
marise the dataset. The mean scores of the respondents ranged from 3.57 to 4.10, 
with standard deviations between 0.53 and 0.87, indicating moderate variability 
in responses. Skewness, which reflects the asymmetry of the distribution, ranged 
between −1 and +1, suggesting a slight negative skew in the data. Kurtosis values 
fell within the range of −4 to +4, implying that the data distribution is neither 
excessively peaked nor overly flat, aligning with the acceptable thresholds pro-
posed by Allua and Thompson (2009).

EFA and Common Method Bias’

Prior to conducting factor analysis, the dataset’s suitability was assessed using the 
Kaiser–Meyer–Olkin (KMO) measure of sampling adequacy and Bartlett’s test of 
sphericity. The KMO value of 0.703 satisfies the minimum threshold of 0.70, 
confirming adequate sampling adequacy (Iskamto et al., 2020). Furthermore, 
Bartlett’s test yielded a significance value of .000 (p < .05), indicating that the 
correlations among variables are sufficiently large for factor analysis. This indi-
cates that there are no issues of data dependability and validity, and the data is 
significant for the analysis. Moreover, Harman’s single-factor test is used to deter-
mine if the study suffers from common method bias; the result indicates that 
23.61%, which is less than 50% (Aguirre & Hu, 2019), indicating that the study is 
free of common method bias.
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Measurement Model (Validity of Data) and CFA

To establish convergent validity, the data must satisfy the conditions of composite 
reliability (CR) greater than 0.70 and average variance extracted (AVE) greater 
than 0.50. For discriminant validity, the AVE for each construct should exceed the 
maximum shared variance (MSV), and the square root of the AVE must be greater 
than the corresponding inter-construct correlations (see Tables 4 and 5). Thus, the 
result indicates that both convergence and discriminant validity are validated and 
thus taken data set is reliable.

CFA examines whether a collection of components influences answers in the 
expected way. The fitness indices CMIN/DF, RMR, RMSEA, IFT, GFI, CFI and 
TLI were applied to determine whether the model fits the data well. From the 
study CMIN/DF (2.257 < 5), RMSEA (0.075 < 0.08), RMR (0.023 < 0.08), GFI 
(0.908 > 0.80), TLI (0.961 > 0.90) and CFI (0.970 > 0.90) respectively, which 
shows that the study has excellent model fit. Figure 4 presents the structural esti-
mation model.

Hypothesis Testing

As summarised in Table 6, hypotheses H1, H2 and H4 were rejected, demonstrat-
ing no statistically significant relationships between the respective variables. In 
contrast, H3 was supported, suggesting a meaningful relationship between the 
constructs involved.

Table 4. Reliability and Validity.

Construct Indicators Factor Loading Cronbach’s Alpha CR AVE MSV

Heuristic HTD1 0.899 0.938 0.833 0.624 0.018

HTD2 0.910

HTD4 0.863

Prospect PTD2 0.972 0.984 0.938 0.835 0.013

PTD3 0.967

PTD5 0.965

Herding HTTD1 0.903 0.957 0.984 0.953 0.003

HTTD3 0.961

HTTD5 0.912

Market MTD1 0.787 0.831 0.959 0.886 0.045

MTD2 0.730

MTD4 0.779

Trading decision TDI4 0.848 0.910 0.913 0.778 0.045

TDI5 0.892

TDI6 0.831

Note: AVE: Average variance extracted; CR: Composite reliability; MSV: Maximum shared variance.
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Figure 4. Structural Estimation Model.

Source: SPSS–AMOS.

Note: HTD: Heuristic variable; PTD: Prospect variable; HTTD: Herding variable; MTD: Market 
variable; TDI: Trading decision.

SEM was employed during the inferential phase to conduct regression analy-
sis, evaluate variable relationships and assess data normality. Five latent con-
structs were analysed in relation to their observed variables. The model 
demonstrated a good overall fit, with a chi-square to degrees of freedom ratio 
(CMIN/DF) of 2.257, which is well below the acceptable threshold of 5. 
Additionally, the p values associated with the relationships between latent and 
observed variables were found to be below .10, indicating statistical significance. 
Therefore, the study concludes that the herding variable has a significant influ-
ence on trading behaviour, while other proposed relationships lack sufficient 
empirical support.

Table 5. Correlation of Latent Variable.

MSV MTD HTD PTD HTTD TDI

MTD 0.018 0.790

HTD 0.013 0.115 0.914

PTD 0.003 0.032 0.044 0.976

HTTD 0.045 0.069 0.101 0.009 0.941

TDI 0.045 0.133 0.109 0.053 0.212 0.882

Source: Field survey.

Note: HTD: Heuristic variable; HTTD: Herding variable; MSV: Maximum shared variance; MTD: 
Market variable; PTD: Prospect variable; TDI: Trading decision.
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Discussion

To explore the relationship between behavioural factors and trading decisions, 
this study employed reliability tests, multiple linear correlation analysis and SEM. 
The key constructs examined included heuristics, prospect theory, herding behav-
iour and market factors. Among the proposed hypotheses, only H3 is significant, 
whereas H1, H2 and H4 are insignificant in this study.

The hypothesis (H3) is accepted as the herding variable affects the trading deci-
sion. The stock was chosen by Nepalese traders as a result of other traders’ buying 
and selling choices. Investors choose to trade a stock based on the recommenda-
tions of other traders who largely rely on the information from friends, family and 
colleagues. When traders make judgments based on inaccurate information, they 
are more inclined to accept other people’s opinions and decisions. Herding has the 
most influence on individual Trading decisions when it comes to acquiring infor-
mation and analysing financial problems (Hilton, 2001).

While the study provides valuable insights, several limitations must be 
acknowledged. First, the relatively small sample size limits the generalisability of 
the findings. Second, the study relied exclusively on a structured questionnaire; 
incorporating qualitative methods, such as in-depth interviews or focus group dis-
cussions, could have enriched the understanding of the psychological and contex-
tual factors behind trading decisions. Third, although COVID-19 severely 
impacted various sectors, Nepal’s stock market experienced an unusual surge dur-
ing this period, reaching record highs. Pandemic-related constraints limited the 
ability to collect a larger sample, highlighting the need for future studies with 
broader data coverage.

Conclusion and Recommendation

This study examined the willingness of investors in the Kathmandu Valley to 
engage in intraday trading and identified key behavioural factors that influence 
stock trading decisions. Findings reveal a strong interest among Nepalese inves-
tors in intraday trading, despite its absence in the current stock market structure. 
However, this interest is significantly shaped by behavioural influences, particu-
larly herding behaviour, where traders rely heavily on information from informal 
and often unreliable sources like social media, friends and family. Other psycho-
logical factors, such as heuristics, prospect biases and general market perceptions, 
showed minimal influence on trading decisions in this context.

Table 6. Path Estimates for Structural Model.

Hypothesis Estimate SE CR p Significant

H1: Heuristic variable → trading decision 0.093 0.087 1.064 .287 Insignificant

H2: Prospect variable → trading decision 0.036 0.055 0.657 .511 Insignificant

H3: Herding variable → trading decision 0.153 0.053 2.874 .004 Significant

H4: Market variable → trading decision 0.116 0.079 1.473 .141 Insignificant
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In addition to behavioural aspects, structural challenges also emerged as criti-
cal barriers to effective trading. These include recurring issues with the TMS, 
limited broker support, weak technological infrastructure, low awareness of trad-
ing mechanisms, and insufficient institutional assistance. To address these obsta-
cles, the study recommends implementing strong regulatory guidelines for 
intraday trading, enhancing the reliability of trading platforms, providing continu-
ous support and education through brokers and FI, and launching targeted trading 
literacy programs. These measures are essential not only to support the introduc-
tion of intraday trading in Nepal but also to improve overall investor confidence 
and market efficiency.

This research makes significant theoretical and practical contributions. 
Theoretically, it extends the relevance of behavioural finance to emerging and 
frontier markets by demonstrating how social and psychological factors, par-
ticularly herding behaviour, dominate investor decision-making in the absence 
of mature regulatory and informational infrastructures. It challenges the assump-
tion that individual rationality guides investment choices, especially in contexts 
where financial literacy and reliable data access are limited. Practically, the 
study offers valuable policy insights for capital market regulators, brokers and 
FI in Nepal. By identifying both behavioural drivers and systemic barriers to 
intraday trading, it provides a foundation for designing investor-centred strate-
gies, educational interventions and technological upgrades. Moreover, it opens 
new avenues for future research to explore investor behaviour in similar devel-
oping market settings.
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