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Abstract

This research examines the effectiveness of mutual fund (MF) operations in
Nepal’s financial market, specifically analysing how these investment vehicles
aggregate capital from varied investor portfolios to optimise smaller fund
management strategies. The investigation spans a 4-year period, examining five
distinct funds through comprehensive performance measurement techniques. The
analysis incorporates multiple evaluation criteria, including market performance
benchmarks, Treynor’s risk-adjusted ratio, Sharpe’s reward-to-volatility
measure and Jensen’s alpha coefficient to assess fund efficiency. The findings
reveal that fund operational expenses and maturity period (fund age) emerge
as the primary determinants influencing performance outcomes, demonstrating
statistically significant associations (p < .05). Conversely, total asset size and
fund liquidity demonstrate negligible influence on performance metrics. The
evaluation demonstrates that each examined fund successfully exceeds market
benchmark performance, with Sanima Equity Fund (SAEF) achieving superior
results across measured parameters, whereas Laxmi Equity Fund (LEMF)
demonstrates comparatively weaker performance indicators. This investigation
provides significant contributions to investment decision-making by revealing the
operational characteristics and performance patterns within Nepal’s MF sector.
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Introduction

The contemporary global financial ecosystem has witnessed a pronounced shift in
investor preferences toward developing economies during the recent decades,
primarily motivated by prospects of greater yields and portfolio diversification
advantages (Ratner & Leal, 2005). This trend emphasises the critical importance
of these markets in diversifying portfolios and in spreading investment risk
globally, particularly in emerging markets where mutual funds (MFs) have shown
distinctive performance characteristics (Samarbakhsh & Shah, 2021). These
financial instruments, distinguished by their mechanism of consolidating capital
from heterogeneous investor groups for deployment across diverse security
portfolios, provide individual participants with access to professionally supervised
investment strategies (Chua & Tam, 2020). This research investigates the multiple
dynamics that influence MF performance in Nepal.

The 18th century marked the inception of MFs, which have since evolved to
include both closed and open-ended funds. A landmark achievement in this
evolution occurred with the formation of the Massachusetts Investment Trust in
America during 1924, which introduced the revolutionary principle of ongoing
unit creation and redemption mechanisms (Baker et al., 2015). This developmental
journey demonstrates the worldwide importance of these investment mechanisms,
which have become fundamental components of investor portfolios, delivering
professional management of diversified holdings encompassing equities, fixed-
income securities and alternative investments.

The equities fund industry grew significantly after the global financial crisis of
2008, with a noteworthy annual compound yield rate of 6.64% till 2018, owing to
digitalisation and innovations (Bhandari et al., 2021; Carneiro et al., 2022; Huang
& Chang, 2022). This asset accumulation demonstrates the increasing importance
of collective investment vehicles within international financial systems. Nepal’s
developing MF sector continues to grow and adapt, despite global disruptions like
the COVID-19 pandemic, which had notable impacts on money-market fund
operations in developing economies (Samarbakhsh & Shah, 2021). Nepal’s MF
sector began with the founding of the ‘Nepal Capital Market (NCM) MF in 1993’
(Thapa & Rana, 2011). Though collective investment fund schemes are gaining
attraction in the Nepalese market, there remains a notable research gap in their
performance analysis in the domestic setting (Pant et al., 2022). The context of a
volatile international financial landscape and the distinctive characteristics of
Nepalese collective investment schemes establish the foundation for a thorough
evaluation of performance dynamics within Nepal’s MF sector. This work fills a
crucial knowledge gap by conducting a thorough empirical evaluation of the
performance characteristics of Nepalese MFs, driven by their growing importance
in the country.

In achieving the primary aim of evaluating Nepalese MF performance, this
study establishes three distinct objectives that specifically acknowledge and
address the particular characteristics of the domestic market environment.
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Initially, the study seeks to examine yield generation by MFs and benchmark it
against market indices while accounting for corresponding risk factors;
subsequently, to investigate the comprehensive effectiveness of Nepal’s
collective investment schemes; and finally, to establish the statistical validity of
MF performance measures. Given Nepal’s unique market environment, there is
a clear need to explore the functioning of collective investment schemes in
greater depth. This study not only addresses key research questions but also
offers practical value for the country’s evolving MF industry. By providing
actionable insights for portfolio managers, the research bridges academic
understanding with real-world application. Its structured analysis supports both
theoretical development and informed decision-making for investors and
professionals in the sector.

The structure of the article is organised as follows: Section ‘Review of
Literature’ reviews related literature to establish the study’s context. Section
‘Research Methodology’ outlines the research methodology, emphasising the
empirical framework. Section ‘Results and Analysis’ reports the main findings
from the analysis. Section ‘Discussion’ discusses the results and their broader
implications. Finally, Section ‘Conclusion’ offers concluding observations.

Review of Literature

The MF industry has experienced notable growth in recent decades, prompting
increased academic interest in evaluating fund performance. Typically, fund
performance serves as a proxy for assessing fund manager capability. Since the
1960s, both practitioners and scholars have explored price prediction and
performance analysis using various risk-return metrics and valuation models
(Karki, 2017).

Treynor (1965) introduced a reward-to-volatility metric that accounts for both
risk and return. Shortly after, Sharpe (1966) proposed an alternative measure—
reward-to-variability—based on the ratio of excess returns to standard deviation
(SD). Building upon these, Jensen (1968) developed his alpha model, which
calculates excess return adjusted for systematic risk, grounded in the Capital
Asset Pricing Model (CAPM). These three approaches remain foundational in
evaluating MF performance, despite their retrospective nature.

Sharpe (1966) further refined Treynor’s framework by incorporating composite
indicators. His study, covering 34 US open-end funds from 1944 to 1963, found
that average fund returns lagged behind the Dow Jones Industrial Average (DJIA).
Jensen’s (1968) alpha metric also emphasised risk-adjusted performance, showing
that none of the 115 evaluated funds consistently outperformed the market. Dahal
et al. (2020) and Elton et al. (2004) stress the significance of considering specific
benchmarks and accounting metrics, warning that their exclusion could inflate
performance estimates.

McDonald (1974) analysed 123 funds using monthly data from 1960 to 1969,
employing several measures including Jensen’s alpha, Sharpe and Treynor ratios,
and non-risk-adjusted returns. The findings again indicated underperformance



Karki et al. 241

relative to the market. Collectively, these studies advanced the development of
more nuanced methods for performance evaluation.

Numerous investigations have provided comprehensive perspectives on MF
performance, covering diverse geographical regions and methodological
approaches. Recent research highlights how machine learning models are
transforming MF performance prediction (Boonprasope & Tippayawong, 2024;
DeMiguel et al., 2023). In Pakistan, Alvi and Rehan (2020) explored factors like
risk levels, lag returns, Karachi Stock Exchange (KSE)-100 index returns, assets
under management (AUM), fund age, income and expenses. Asad and Siddiqui
(2019) considered macroeconomic and microeconomic variables, finding limited
influence from size and maturity on performance across conventional and Islamic
funds. Building on this, collective investment fund performance contributes
positively to overall stock market development, which in turn leads to
improvements in key macroeconomic indicators, supporting the view that MFs
act as financial intermediaries that enhance capital market efficiency and
economic growth, consistent with the long-run cointegrated relationships
identified between financial and economic variables (Karki, 2012, 2018).
Additionally, sustainable investing has become increasingly relevant, with
evidence suggesting that institutional investors significantly drive corporate
sustainability practices, which indirectly influence MF flows and performance
(Kréussl et al., 2023; Marti et al., 2023).

In India, Adhikari et al. (2020) applied ‘Sharpe, Treynor and Jensen’s methods
over a 10-year horizon, finding that most equity-oriented funds outperformed the
market. Likewise, Raj et al. (2018) compared State Bank of India (SBI) and Housing
Development Finance Corporation (HDFC) funds using standard metrics,
concluding that while HDFC delivered better returns, it exhibited higher volatility.
Dhanda (2017) used net asset value (NAV) data over 14 years, showing that sector-
focused funds often beat benchmarks. Similarly, Radhika and Kanchana (2017)
found strong performance in several HDFC schemes, while Megharaja (2017)
attributed superior returns to effective security selection by fund managers.

Arora and Raman (2020) highlighted variance in return and risk across 30
randomly selected schemes. In Nepal, Bajracharya (2016) and Rauniyar (2016)
both identified liquidity, lagged returns and asset base as critical drivers of fund
performance. Ferreira et al. (2013), covering 19 countries, found a positive link
between fund size and performance. In Pakistan, Nafees et al. (2011) showed that
MFs underperformed relative to the market, while Rehman and Baloch (2015)
revealed that expense ratios, turnover and fund size had significant positive
impacts. Globally, recent studies affirm that expense ratios are still a reliable
predictor of returns (DeMiguel et al., 2023; Li & Rossi, 2021).

A notable research gap persists in Nepal, where most studies have focused
narrowly on risk-adjusted returns, with limited exploration of determinants such
as fund manager skill in security selection. This study addresses that gap by
investigating key performance factors using established risk-adjusted models and
presents a conceptual framework (Figure 1) aligned with its objectives.

The conceptual framework for this study comprises fundamental factors,
including expense ratios, fund age, AUM, liquidity, returns and NAV for
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Figure 1. Conceptual Framework.

performance evaluation of MFs. It forms the basis for developing hypotheses that
guide empirical analysis specific to Nepal’s context.

H,: There is no significant relationship between fund attributes (expense
ratio, age, assets, liquidity and return) and MF performance.

H,: There is no significant relationship between NAV return and MF
performance.

H;:  MF performance exceeds benchmark returns.

H,: The Nepalese stock market is efficient in its weak form.

These hypotheses aim to clarify how various fund characteristics impact
performance, offering a clear path for empirical validation.

Research Methodology

This research adopts a causal-comparative and descriptive methodology to
examine fund manager performance, selected due to its exploratory and data-
analysis strengths in MF performance assessment. Secondary data analysis forms
the foundation of this research approach.

Population and Sample Size Determination

This investigation analyses five MFs, selecting five schemes from 29 operational
plans during the research timeframe. Monthly data, including liquidity metrics,
asset values, fund maturity, expense ratios, NAVs and performance returns, were
gathered via the Nepal Stock Exchange (NEPSE) source and sample MF
companies. The examination concentrated on schemes operating for more than 4
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Table I. Selected Mutual Fund Schemes for Analysis.

Date of Fund Size (%)

Fund Manager Mutual Funds Establishment Million

Global IME Capital ~ Global IME Samunnat 2017 1,000
Scheme-| (GIMESI)

Laxmi Capital Laxmi Equity Fund 2018 1,250
(LEMF)

Nabil Investment Nabil Equity Fund 2015 1,250
(NEF)

Sanima Capital Sanima Equity Fund 2014 1,300
(SAEF)

Siddhartha Capital ~ Siddhartha Equity Fund 2015 1,500
(SEF)

Source: NEPSE and sample mutual funds.

years, accumulating NAV values over 48 months spanning January 2018 through
January 2022 (see Table 1).

Data Analysis Methods

MEF performance was assessed using Sharpe (1966), Treynor (1965) and Jensen
(1968) measures, based on the CAPM framework. The main analytical approaches
are as follows.

NAV Returns. It represents the differential between organisational asset values
and net obligations, functioning as an MF performance indicator.

assets — liabilities ) values NAV, —NAYV,
NAV = ( ) NAV Returns = ——2——1

Total shares outstanding NAV,

Where NAV | and NAV, represent values at two different time points.

Sharpe Ratio. The Sharpe index serves as a ‘risk-adjusted performance
indicator’ commonly utilised for portfolio evaluation. This metric evaluates
portfolio comprehensive risk through SD rather than focusing exclusively on
systematic risk components (fs).

§ =—L—L (M

Where S, is the Sharpe ratio, R, is the average rate of return for a fund, R, is the
averagerisk-free return and o, is the SD of the fund. Superior portfolio performance
(S,) compared to market performance (S,,) indicates enhanced fund effectiveness,
and conversely.

Treynor Ratio. The Treynor index evaluates risk premiums against return
volatility, measured through portfolio systematic risk components (Bs). It
calculates additional returns per systematic risk () unit. This enhanced portfolio
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performance (T,) relative to market performance (T,,) demonstrates superior fund
effectiveness and vice versa. The approach assumes diversified multi-asset
portfolios eliminate unsystematic risks, retaining only systematic risk (beta). The
computation follows:

T — P / (2)

Where Tp is the Treynor Ratio, Rp is the average rate of return for a fund, Rf'is the
average risk-free return and fp is the beta of the fund. Enhanced portfolio
performance (7,) compared to market performance (7,,) demonstrates superior
fund effectiveness and vice versa.

Jensen Alpha Test. Jensen alpha quantifies the variance between realised
portfolio returns and theoretically expected returns, given a particular systematic
risk exposure level. This measurement framework builds upon CAPM theoretical
foundations. The computational formula for ‘Jensen’s alpha determination
follows’:

a, =R, —EAR 3)

Where a, represents Jensen alpha, R, indicates fund average returns and EAR,
denotes equilibrium average returns. The equilibrium average return (EAR,) =
R+ B, (R, — R)), where R, represents average risk-free return, 8, indicates fund
beta and R,, denotes market index returns. Enhanced alpha values signify improved
fund performance through superior returns.

Jensen’s (1968) absolute performance measurement methodology was utilised
for fund selection assessment within the CAPM analytical frameworks. This
approach employs regression analysis, examining relationships between fund
excess returns and market excess returns. The Jensen alpha (o) constitutes the
regression intercept, representing the mean returns when the market portfolio
performance equals zero. Through the ‘single beta regression methodology (4),
statistically significant positive a values demonstrate superior stock selection
capabilities and performance exceeding benchmark standards’, whereas negative
o values indicate inadequate stock selection practices.

Rp,—Rf,=a,+p, (Rm,—Rf)+Ep, 4)

Where Rp, represents portfolio returns at month #, Rm, indicates benchmark returns
at month # Rf, denotes risk-free returns at month #, o represents the Jensen
performance metric and /8, indicates fund systematic risk. Therefore, positively
significant alpha (a) values represent excess mean returns achieved beyond
benchmark returns, considering funds’ systematic risk levels. This shows the special
capability of a fund manager in security price prediction and stock selection. Future
studies investigating alternative methods to behavioural frameworks could provide
more comprehensive examinations, emphasising additional factors affecting MF
performance (Bhattarai et al., 2024; Devkota et al., 2023).
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Results and Analysis

To comprehensively understand MF performance dynamics, this investigation
employed quantitative analytical frameworks and diverse statistical methodologies.

Performance Classification and Ranking

Initially, the investigation assessed and classified five MFs using key performance
metrics, demonstrating strengths and weaknesses regarding their respective
competencies and weaknesses. Classifications follow the ascending order of fund
assets, operational months (maturity), expense ratios, liquidity, NAV and returns.
Funds with the highest assets, operational months (maturity), liquidity, NAV and
returns receive first ranking, and conversely. However, regarding expense ratios,
funds having the lowest expense ratios receive top classification. Table 2 illustrates
classification details.

‘Siddhartha Equity Fund (SEF)’ achieved superior performance, obtaining the top
overall classification through the highest asset values, continuous operation of 51
months, exceptional liquidity and robust returns. ‘Sanima Equity Fund (SAEF)’,
though representing the newest fund with merely 2 months of operational history,
demonstrated exceptional performance by achieving maximum return rates of
30.02%. ‘Nabil Equity Fund (NEF)’ obtained third position, exhibiting balanced
performance across diverse parameters, including moderate asset holdings of 1.25
billion rupees ($9.62 million). Conversely, ‘Global IME Sammunat Scheme-1
(GIMES1)’ showed better cost management through low expense ratios (1.26%) but
underperformed in liquidity and asset value, resulting in poor classification. ‘Laxmi
Equity Fund (LEMF)’ achieved the poorest overall classification, predominantly
impacted by relatively lower values of assets and moderate rates of return (5.29%).

Descriptive Assessment

Table 3 presents a descriptive study of MF characteristics and market index
(NEPSE) performance.

Table 2. Comparative Classification of Five Mutual Funds by Performance Measures.

Expense
Asset Age Ratio  Liquidity Rank of Rank of Overall
Name Rank Rank Rank Rank Return NAV Rank
GIMESI 5 | 5 5 2 2 4
LEMF 4 3 4 2 5 5 5
NEF 3 2 I 4 4 4 3
SAEF 2 5 3 3 I I 2
SEF I 4 2 | 3 3 |

Note: GIMESI: Global IME Sammunat Scheme-I; LEMF: Laxmi Equity Fund; NAV: Net asset value;
NEF: Nabil Equity Fund; SAEF: Sanima Equity Fund; SEF: Siddhartha Equity Fund.
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Table 3. Statistical Summary of Performance Measures.

Name N Minimum Maximum Mean Std Dev
Expense ratio 240 0.16 2.86 I.15 0.65
Age 240 2.00 70.00 34.30 15.92
Asset 240 18.80 21.8l 21.04 0.38
Liquidity 240 14.30 20.88 19.18 1.25
Return 240 —-20.00 160.10 17.85 37.21
NAV 240 7.94 26.01 11.80 3.72
NEPSE index 240 -13.29 19.95 1.79 7.42

Note: NAV: Net asset value; NEPSE: Nepal Stock Exchange.

Mean logarithmic asset holdings achieved 21.04, demonstrating considerable
funds on every scheme. Effective cost control resulted in mean expense ratios of
1.15, with GIMESI standing out for its low ratio. Average fund maturity was
34.30 months, with a remarkable SD of 15.92, emphasising establishment period
variations. MFs demonstrated average returns of 17.85%, showing significant
variability (SD: 37.21). SEF’s constantly higher returns serve to improve overall
fund performance. The NEPSE index mirrored market conditions with average
returns of 1.79%, highlighting fluctuating market characteristics.

Table 4, demonstrating performance evaluation of five sample MFs throughout
the study period from 15th January 2018 to 14th January 2022, indicates significant
insights regarding their performance and volatility patterns. SAEF tops with an
outstanding average monthly return of 30.02%, fluctuating between a minimum
of —4.20% and a maximum of 127.30%, with a SD of 39.73%. GIMES1 comes
next, achieving average monthly returns of 22.69%, with broader ranges of
—20.60% to 160.10%, and a SD of 53.79%. Comparatively, SEF’s average
monthly return is 19.62%, NEF’s is 11.63% and LEMF’s is 5.29%. NAVs vary
across funds, with SAEF maintaining the highest NAV of X13. Furthermore,
during the study period, monthly average returns for all funds reached 17.85%,
exceeding NEPSE index average returns of 1.79%. This extensive outperformance
emphasises MF effectiveness in yielding investor excess returns, placing them as
lucrative investment alternatives. Table 4 also presents the statistical significance
of sample fund mean returns, emphasised through simultaneous t-values (p <.05)
of selected funds for evaluating their performance robustness. Evidence from the
table indicates that, excluding LEMF, all funds succeed in generating significantly
positive mean returns (p <.05) to investors compared to market index performance.

Inferential Analysis

This section investigates the interrelationship between the MFs and market index
returns in Nepal, as shown by correlation coefficients illustrated in Table 5. The
positive correlation coefficients, spanning from 0.226 to 0.351, suggest consistent
positive associations between fund returns and market performance. While most
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Table 4. Descriptive Summary of Sample Funds and Nepal Stock Exchange (NEPSE).

Avg
Mutual Minimum Maximum Monthly Std Dev
Funds NAV (X)  Return Return Return (SD)  tValue pValue
GIMESI 12.27 —20.60 160.10 22.69 53.79 27517 .004
LEMF 10.53 -17.30 61.30 5.29 26.159 1.1098 .136
NEF .16 -19.70 92.80 11.63 328943 2156 018
SAEF 13.00 —4.20 127.30 30.2 39.73  5.0595 .000
SEF 11.96 -3.90 79 19.62 23.7468 5497  .000
Overall MF 11.78 —20.00 160.10 17.85 37.21
NEPSE - -13.29 19.95 1.79 741

Note: GIMESI: Global IME Sammunat Scheme-|; LEMF: Laxmi Equity Fund; MF: Mutual fund; NAV:
Net asset value; NEF: Nabil Equity Fund; SAEF: Sanima Equity Fund; SEF: Siddhartha Equity Fund.

Table 5. Correlation between Fund Returns, Market-index and Study Variables.

Mutual Funds and Variables Correlation Coefficient p Values
Global IME Sammunat 0.226" .004
Scheme-| (GIMESI)

Laxmi Equity Fund (LEMF) 0.351 136
Nabil Equity Fund (NEF) 0.279* 0l8
Sanima Equity Fund (SAEF) 0.2354* .000
Siddhartha Equity Fund (SEF) 0.323" .000
Expense ratio and return -0.28™ .000
Age and return 0.608™ .000
Assets and return 0.737* .000
Liquidity and return 0.022 739

Note: “Significant at 1% level; * Significant at 5% level.

coefficients remain below 0.5, indicating moderate relationships, it remains
essential to recognise that these correlation characteristics contribute meaningfully
to understanding fund responsiveness to market fluctuations.

Among the funds analysed, LEMF shows the highest correlation (0.351) with
market return, although the p value (.136) indicates that this relationship lacks
statistical significance. In contrast, funds such as GIMES1, NEF, SAEF and
SEF exhibit statistically meaningful associations, as evidenced by their p values
below .05, confirming the relevance of market performance in shaping fund
returns.

When broadening the scope to other influencing variables, strong positive
relationships emerge between fund size (assets) and returns (= 0.737), and between
fund age and returns (r = 0.608). Conversely, the expense ratio demonstrates a
significant negative correlation (» = —0.280), suggesting that higher operational
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costs diminish returns. Liquidity, however, appears to have a negligible connection
with returns (» = 0.022), and its insignificance is statistically confirmed.

Performance Measurement Indicators

Performance assessment findings on Nepalese MFs reveal impressive patterns,
illustrated in Table 6 with fundamental measures—*Sharpe, Treynor and Jensen
ratios’. These measurements function as reliable metrics, evaluating investment
vehicles against benchmarks to establish their risk-adjusted return capabilities.

The Sharpe Ratio values for all funds are positive, indicating outperformance
relative to the market’s negative risk-return trade-off. SEF and SAEF lead this
category, confirming strong returns per unit of volatility, as supported by prior
global findings (Malhotra & Nippani, 2024; Yuan & Yuan, 2023). In terms of the
Treynor Ratio, which assesses returns relative to market risk (beta), SAEF again
arises as the best performer with a ratio of 21.902, showcasing its efficiency in
generating returns in proportion to market risk. Jensen’s alpha results reaffirm
these rankings, with SAEF displaying the highest excess return (28.50%) beyond
what would be predicted by market trends. Despite ranking last, LEMF still
reflects a positive alpha, confirming that it has contributed positively after
adjusting for risk.

Analysis of Variance (ANOVA) and Post-hoc Comparisons

To test for statistically significant differences in average returns across funds, a
one-way ANOVA was conducted. The output, presented in Table 7, indicates
significant variations among group means.

Post-hoc tests using the Bonferroni correction (a = 0.005) showed significant
differences in return means, particularly for LEMF in comparison with SAEF (p =
.0004) and SEF (p = .0036). These statistically significant contrasts suggest
distinct return patterns for LEMF versus its peers. Meanwhile, comparisons
among other fund pairs do not reveal significant differences, highlighting more
homogenous performance levels within those groups.

Table 6. Performance Indicators of Selected Mutual Funds.

Sharpe  Sharpe  Treynor  Treynor Jensen Jensen
Mutual ~ Ratio of Ratio of Ratio of Ratio of  Alpha  Alphaof Overall

Funds Fund Market Fund Market  of Fund Market Rank
GIMESI 03666 —0.1604 1.6047  —1.2153 21.616 —-0.0247 3
LEMF 0.088 —-0.1604 2.133 —1.2153 3.51 —0.0247 5
NEF 0.26326 -0.1604 7.1410 —-1.2153 10.093  -0.0247 4
SAEF 0.6808 -0.1604  21.902 -1.2153 28.5 —0.0247 |
SEF 0.7011  -0.1604 16439  —1.2153 17.846 -0.0247 2

Note: GIMESI: Global IME Sammunat Scheme-|; LEMF: Laxmi Equity Fund; NEF: Nabil Equity
Fund; SAEF: Sanima Equity Fund; SEF: Siddhartha Equity Fund.
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Table 7. Analysis of Variance (ANOVA) and Post-hoc Comparison of Fund Returns.

ANOVA Test
Source of
Variation SS df MS F p Value F-critical
Between 647.703 I 647.70 13.798 .0059 5.3176
groups
Within 375.516 8 46.939
groups
Total 1,023.219 9
Post-hoc Test
Bonferroni
p (T<) Correction
Scheme Groups Mean Variance T-stat Two-tail (a)
LEMF GIMES| 22.685 2,893.438 -2.055 .0439 0.005
return
NEF 11.633 1,082.039 -1.090 2790
return
SAEF 30.023 1,578.538  -3.719 .0004
return
SEF 19.621 563.914 —2.982 .0036
return
GIMES| NEF 11.633 1,082.039 1.214 2282
return
SAEF 30.023 1,578.538  -0.760 4492
return
SEF 19.621 563.914 0.361 7192
return
SAEF NEF 11.633 1,082.039 2,470 .0154
return
SEF 19.621 563.914 1.557 .1236
return
NEF SEF 19.621 563.914 —1.364 1761
return

Note: GIMESI: Global IME Sammunat Scheme-I; LEMF: Laxmi Equity Fund; NEF: Nabil Equity
Fund; SAEF: Sanima Equity Fund; SEF: Siddhartha Equity Fund; SS: Sum of Squares; df — Degrees of

Freedom; MS- Mean Square; F- F-statistic.

Discussion

This comprehensive examination of Nepal’s MF sector and the evaluated
investment schemes provides significant insights regarding their operational
effectiveness. The descriptive analysis demonstrates that monthly performance
figures exceed those of the NEPSE benchmark, while correlation studies indicate
moderately positive links between fund returns and overall market performance.
Of particular interest, the LEMF demonstrates an absence of meaningful



250 Journal of Development Research 17(2)

correlation with market movements, which diverges from Wermers’ (2000)
research findings and suggests fund-specific characteristics unique to this context.
The correlation coefficients demonstrate statistically significant positive
relationships connecting fund assets with market performance, and fund maturity
with market returns, whereas a negative association exists between expense ratios
and market performance, suggesting potential detrimental effects on fund
efficiency. These statistically meaningful associations (p < .05) challenge the
initial hypotheses, H, and H,, which predicted substantial connections between
fund characteristics and performance outcomes. The findings support Wermers’
(2000) conclusions while contradicting research by Otten and Bams (2002),
underscoring the dynamic characteristics of these correlations.

ANOVA testing demonstrates meaningful variations in average returns across
the examined funds. Subsequent Bonferroni post-hoc testing underscores the
unique position of LEMF, showing substantial differences compared to other
investment vehicles. Correlation examination reveals meaningful associations
and considerable differences, with SEF demonstrating the most statistically
significant correlation coefficient (0.323), supporting findings from Alvi and
Rehan (2020) and Bajracharya (2016). Investigation of relationships between
predictor variables and market performance reveals important mean variations.
Positive mean variations between fund assets and market performance indicate
modest influence, whereas negative mean variations between expense ratios and
market performance underscore the inverse relationship, consistent with Philpot
et al. (1998) and Jan and Hung (2003). Positive mean variations between fund
maturity and market performance support Ferreira et al. (2013) findings,
confirming a beneficial relationship. The negligible positive effect of liquidity on
returns, aligned with Asad and Siddiqui (2019), demonstrates the limited influence
of liquidity factors on fund performance.

Extending beyond simple correlations, risk-adjusted performance indicators,
including Treynor metrics, Sharpe measures and Jensen alpha, demonstrate
favourable performance outcomes. SEF, SAEF and GIMES] demonstrate
leadership in Sharpe ratio performance, supporting hypothesis A5 and confirming
their ability to generate enhanced returns relative to risk exposure. Notably, LEMF
demonstrates weaker performance, suggesting a possible risk-return imbalance.
The Treynor metric confirms superior performance, with SAEF demonstrating
leading efficiency. Jensen’s alpha measurements further confirm fund
outperformance, positioning the SAEF at the forefront, consistent with existing
literature. ANOVA results confirm overall statistical significance, with post-hoc
testing revealing specific intra-group variations. LEMF distinguishes itself
through significant variations from other funds, reinforcing performance-
influencing factors. Regarding performance rankings, SAEF, SEF and NEF
establish themselves as leading performers across multiple evaluation criteria. In
contrast, LEMF and GIMESI achieve lower performance rankings. The findings
demonstrate that MFs surpass market benchmark performance, indicating both
superior management capabilities and the substantial impact of investor behaviour
on fund flows and performance (Boonprasope & Tippayawong, 2024). This
superior performance also corresponds with recent studies indicating that
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developing equity markets may contain inefficiencies that competent fund
managers can leverage to create additional returns (DeMiguel et al., 2023; Karki,
2020; Li & Rossi, 2021). This finding refutes hypothesis /1, suggesting that
Nepal’s equity market does not exhibit weak-form efficiency.

Conclusion

This study evaluates the MF sector in Nepal, providing key insights into how fund-
specific features and market dynamics interact to shape performance. Using a set of
statistical and risk-adjusted metrics, the research identifies ‘SAEF and SEF as the
most efficient schemes, based on variables such as fund size, cost efficiency,
fundage and rate of return’. The superior Sharpe, Treynor and Jensen alpha metrics
underscore the consistent ability of these funds to outperform market benchmarks,
despite operating in an emerging financial system characterised by low literacy, thin
market depth and regulatory constraints. While ‘LEMF and GIMES1’ receive
relatively weaker assessments in overall performance, they still contribute positively
to certain areas. To improve investor confidence and fund viability, the study
recommends enhanced regulatory support, strategic investor education and the
development of innovative fund structures. Looking forward, the MF sector holds
promise for deepening capital markets and mobilising domestic savings. Further
research may consider incorporating behavioural factors and market microstructure
variables to better predict fund performance in evolving economies.
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